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CHAPTER 2  

Related Works 

2.1 Music Style Classification 

Little work has been done on the discovery of music style. The work developed in MIT Media 

Lab. [6] employed hidden Markov model to model and classify the melodies of Irish, German 

and Austrian folk song. Melodies are represented as a sequence of absolute pitches, absolute 

pitches with duration, intervals and contours. The classification performances achieved 65% 

to 77% accuracy with the interval representation. Another research in CMU uses the naïve 

classifier, linear and neural network; respectively, to recognize music style for interactive 

performance systems [9]. Thirteen statistical features derived from MIDI are identified for 

learning music style. 

2.2 Personalized Music Filtering 

Ringo[34] is a pioneering music recommendation system based on the collaborative 

filtering approach. In Ringo, the preference of a user is acquired by the user’s rating of music. 

Similar users are identified by comparing the preferences. Ringo predicts the preference of 

new music for a user by computing a weighted average of all ratings given by peer group of 

similar preference. 

MusicCat is a music recommendation agent based on user modeling [5]. In MusicCat 

the user model is defined by the user. It contains information about user’s habit, preference or 

user-defined features, etc. MusicCat can automatically choose music from user’s music 
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collection according to user’s model. 

MRS is a system which provides music recommendation based on music grouping and 

user interests [7]. In MRS, music is grouped based on the extracted features. The extracted 

features consist of the statistics of pitch, the tempo degree and loudness. Content-based 

filtering is achieved by recommending the music that belongs to the music groups the user is 

recently interested in. To capture the recent interests on a given music group, a weight is 

computed where the latest accessed music has the highest weight. The number of 

recommended music for each music group is proportional to this computed weight. For 

collaborative filtering, users are grouped based on preferences. The preference of a user group 

is the average weight of relevant users. If the preference weight of the user is lower than that 

of respective user group, the weight difference is used to made collaborative recommendation. 

2.3 Content-Based Music Retrieval 

The content-based music retrieval technology has drawn much attention in recent years. 

Ghias et al. [11] introduced a query by humming system. The query input is converted into a 

melodic contour of three kinds of symbols. The contour is matched against the music in the 

database by approximate string matching. Lu et al. [26] proposed a new melody 

representation and hierarchical matching method for query by humming system. The melody 

representation is a combination of pitch contour, pitch interval and the duration. Jang et al. 

[18] presented a new query paradigm, which allows user query by tapping. Melodies are 

transformed into the time vectors which contains the beat information.  
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2.4 Music Clustering 

Little work has been done on the music clustering techniques. The Island of Music 

system clusters the audio music using the well known clustering technique Self-Organizing 

Map [27]. The raw audio signals are preprocessed in order to obtain a time-invariant 

representation of the perceived characteristics following psychoacoustic models. Then, the 

perceived similarities between two pieces of music are estimated and then organized in such a 

way that similar music objects are close to each other on a 2-dimensional map display. 

However, this system focuses on visualization effects. Performance comparisons of different 

clustering techniques and the effect of extracted features are not investigated in this research.  




