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5 CONCLUSIONS AND SUGGESTIONS 

The NAIC uses many prediction models (e.g. FAST, and RBC) to regulate the 

financial strength of insurers. Recently, research has been moving towards using the 

DFA approach in predicting the solvency of insurers. The DFA model has been touted 

as having many advantages, such as offering more information about the financial 

situation of insurers, reflecting the impacts of key variables and applying them to 

make important decisions. 

We used the DFA model, developed in a joint project of Department of 

Management Information Systems and Risk Management and Insurance, National 

Chengchi University, in our paper. The model offers five procedures for cash flow 

simulation, including premiums, capital gains or losses, investment income, 

receivable items and claims. In order to capture the impact of each item, the model 

uses many financial assumptions and a stochastic process of Geometric Brownian 

Motion. Through these procedures, the model can produce a distribution of key 

variables, balance sheet and income statement. 

We used 1990 annual statements as input for the DFA model and simulated the 

results over the period from 1991 to 1992. Furthermore, we used a logistic regression 

model to analyze whether this dynamic financial analysis model could offer reliable 

information to regulators about the solvency of insurers. Our empirical tests were not 
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able to prove that this DFA model could accurately predict the solvency of insurers. 

There were important reasons for this (limitations in the research). First, we 

lacked sufficient data to estimate more reasonable parameters of liability e.g. loss 

ratio, growth rate of premiums, expense ratio and rate relationship of loss 

development year. Because of this, the derived simulations were in error. Second, we 

were unable to obtain detailed data, which would have allowed us to realize the 

complicated arrangements involved in reinsurance; we were also limited in the types 

and numbers of reinsurance methods available in the DFA model.  

Third, the systematic biases of the DFA model caused some of the data to be 

rejected; our available samples were few. Fourth, the DFA model would sometimes 

simulate extreme values for surplus. Although we deleted these extreme values in our 

analysis, it still caused errors in estimation.  

We would suggest that future research use data from different years in order to 

increase the accuracy of statistic analysis by using large samples. We also suggest that 

the DFA model could be redesigned to have more choices for reinsurance 

arrangements to more closely estimate actual situations. In these empirical tests, we 

found that the DFA model still had some bugs. If these bugs can be efficiently deleted, 

we expect an improved DFA model to perform well in predicting the solvency of 

insurers. 


