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Empirical Results 

 

    In this section, besides full sample, we would also separate the entire sample into 

several monthly subperiods and present them respectively. To save the space, we 

present only a subset of each trading system and omit reporting the result of 

stop-loss-strategy and take-profit-strategy for subperiods.   

A. Sample Statistics 

Table I contains summary statistics for the entire series and four quarterly 

subsamples for intra-day returns on the TAIEX series. Returns are calculated as log 

differences of each minute. The median value is zero for the entire series and all 

subsamples and mean values are quietly close to zero. Volatility is relatively large for 

the first two quarters. The maximum and minimum returns of the entire series both 

show up in the first subperiod. Serial correlations are generally small with exception 

of the relative large values at the later lag in the third quarter. The autocorrelations are 

generally quiet small with no indication of an increase for the entire series. 

B. Moving Averages 

i.  Full sample 

 Results from trading strategies based on moving average rules for the full sample 

are listed in Table II. The mean buy and sell returns are reported separately in columns 

5 and 6. Numbers below average returns are t-ratios. We present results for the 8 rules 

that we examined. The 7
th

 column lists the sum of the mean buying and selling returns 

across all the rules and the last three columns are the fractions of positive returns. 

Generally, there are no conspicuous profits on average. All of the rules except the rule 

(1,10) are not significantly different from zero. Thus, buy returns perform better than 

sell returns across all the rules. The last raw are average returns for the buy, sell and 

sum of both. It reveals that a day trader could be more possible to gain the profit on 
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the buy side in futures market based on MA rules. 

 Because the trading signals were provided by the rules and we never could know 

if there is apparent up-trend or down-trend in advance, we have to control loss on the 

unprofitable positions we just buy or sell by following the trading rules. On the other 

hand, we also try to retain our profitable positions by avoiding the effect of 

unexpected reversal of market movements which is a common phenomenon 

especially in futures market. Table III and Table IV are the results from MA with the 

out-of-market manipulation－stop-loss and take-profit strategy. We set these two 

thresholds both on 0.3% and 0.6% respectively. The function of this manipulation 

guides us to close out the position when the cumulative losses or profits reach a 

threshold at every single trade. We expect that it can help us achieve an objective of 

the best profit. As the last raw of Table III and Table IV present respectively, on 

average, the results are both superior to Table II. Furthermore, for shorter 

moving-factors, more significant profit could be observed. For example, it is notable 

that the rate of returns on the rule (1,5) becomes significantly positive compared with 

the negative value in Table II. This proof implies the importance of efficient 

manipulations in the technical trading systems.  

ii. Subperiods samples 

 Results from trading strategies based on moving average rules for the subsample 

are reported in Table V. The results are presented in the same format as Table II. We 

find that a day trader could gain quite well profit based on MA strategy. For example, 

the mean return in July is averagely about 0.4%. It seems to be a trifling number but 

it’s actually not. If we assume that a day trader averagely buy a contract on 6000 of 

index to hold a unit position, the daily ticks he would earn is about 24 which can be 

converted into one-month profit about NT＄100000 per unit. For the profitable 
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months, we find that profit from buys greater than zero exceeds sells greater than zero 

as the results show in full sample.  

 

C. K-D Stochastic Indicator 

i. Full Samples 

 Results for the full sample of stochastic indicator strategy are reported in Table 

VI. According to the table, we can clearly observe that it is unprofitable to use this 

strategy as a whole. In the columns 5 and 6, buy and sell returns are all negative and 

the mean return is about -0.25 percent. The concept of the stochastic indicators is that 

market price will return to a mean value based on past price movements over a 

specific. Hence, speculators and investors in the market could determine whether the 

market has been in an overbought or an oversold situation by utilizing this strategy. 

However, according our results here, we conjecture that this basic point is usually 

unstable and unreliable during an extreme short-term trading period, so stochastic 

indicator is often easily intervened by whipsaws and might be not suitable for day 

traders. 

 Similarly, we also combine this trading system with the take-profit strategy and 

stop-lose strategy. As the last raw of Table VII and Table VIII present respectively, we 

find this out-of-market manipulation seems useless for the stochastic indicator 

strategy in this paper. As brought up earlier, due to failure in distinguish the “key 

reversal timings”, the effect on out-of-market manipulation could not match our 

expectation.  

ii. Subperiods Samples 

 In Table IX we display the results of subsamples. On average, there is no 

evidence of daily and sell returns greater than zero across all months. But, it is 

remarkable that there are still positive buying returns in five subperiods. Among these 
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five months, the better two months are January and October. In January, mean buying 

return is 0.19% and 0.075% in October. Moreover, for buy returns, all the rules among 

these two months are significant significantly different from zero at 10 percent level.     

 

D. Saitta’s Support and Resistance Strategy 

i. Full Samples 

 The data of Table X are results from the Saitta’s support and resistance strategy. 

In column 7, there is no evidence that any one rejects the hypothesis of the difference 

being equal to zero at 10 percent level. As results of the moving average strategy in 

Table II, average buy return of 0.065% is greater than average sell return of -0.017%. 

Of the twelve tests, two buying returns are significantly different from zero at 10 

percent level. Furthermore, for shorter time-variations of the moving periods used in 

this system, the performance with a band is better than one without. As the column 7 

shows, the rules (0.001,1), (0.001,3), and (0.001,5) perform better than the rules (0,1), 

(0,3), and (0,5) ; On the other hand, for longer time-variations of moving periods, the 

rules (0,10), (0,15), and (0,20) perform better than the rules (0.001,10), (0.001,15), 

and (0.001,20). Therefore, it is not hard to realize that the introduction of a band is 

beneficial to confirm the real signals for higher frequency of trade. That is also why 

filter rules are widely used in many technical trading systems.       

 Next, as previous two strategies, we introduce the out-of-market manipulation 

into this trading system and display the results in Table XI and Table XII. We can find 

that the mean rates of return enhance a lot. Using Table XI with a 0.3% threshold as 

an example, mean returns of all the rules are greater than zero and four of them are 

significant higher than zero at 10 percent level. In the last raw, the average return of 

0.128% is more than the double of 0.048% compared with Table X. For buy returns, 

there are also six rules getting up to significant level. In Table IX, with a 0.6% 
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threshold, there are even eight rules are significant. 

ii. Subperiods Sample 

 Results for support and resistance strategy in subperiods are listed in Table XIII. 

The mean buy, sell and one-day return are individually reported in the last raw of each 

month. For seven of these twelve subperiods, average one-day returns are greater than 

zero. For buy returns across all samples, half of them are positive and perform better 

than sell returns. For sell returns, there are only three samples greater than zero and 

higher than buy returns.  

 To summarize, as the results of previous MA rule show, our evidence suggests 

that the day traders could gain abnormal returns and could be more possible to gain 

the profit on the buy side based on trend-following systems. 

 


